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ABSTRACT

This paper analyzes heterogeneity in post-pandemic labor market adjustment across
industries, contrasting healthcare and social assistance with leisure and hospitality.
Using CPS monthly microdata (2015-2023), JOLTS separations, and LEHD Job-
to-Job ows, we estimate sector-speci ¢ wage-separation elasticities, demographic-
group-speci ¢ wage Phillips curves and link labor market tightness to wage growth
and employer-to-employer mobility. Both sectors experienced signi cant increases
in quit rates after 2020, however, the underlying drivers are markedly different.
Leisure and hospitality workers showed substantial upward mobility across indus-
try wage-premium quartiles and frequent exits to other sectors, consistent with
improved outside options in a tight labor market. Conversely, healthcare and so-
cial assistance workers displayed limited outward mobility, higher rates of within-
industry job downgrades, and separation elasticities that weakened further after
Covid-19. These dynamics align with well-documented structural features of care
industries—credential-based occupational closure, a disproportionately female and
older workforce, and pandemic-induced deterioration in working conditions. Our
ndings suggest that wage compression disproportionately bene ted mobile male
workers in low-wage jobs outside the care sector, while quits in healthcare re ect
non-wage factors and degraded working conditions.
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1. Introduction

Recent research on the post-pandemic labor market in the United States documents an unexpected
wage compression that especially bene ted low-wage workers. This wage compression was the
result of increased labor market tightness, which disproportionately improved the bargaining power
of low-wage workersAutor et al, 2023. However, it remains unclear whether all low-wage workers

bene ted equally from the compression of the wage distribution. In this paper, we investigate the
signi cant heterogeneity in wage trends among low-wage workers with a particular focus on workers
employed in care industriés.

Care work typically exhibits lower wage responsiveness due to emotional attachment and industry-
speci ¢ credentials that reduce outside options, a disproportionately female labor force with lower
labor supply elasticityNaidu and Carr2022, and a well-documented wage penalBolpre

et al, 2021 Gautham et a]2024 Gautham and Folbr024. Workers in these industries also
experienced a signi cant deterioration in working conditions during the pandemic, particularly in
the healthcare sectaR(idolph et al.2021). Taken together, these factors indicate that quit patterns
and job-to-job mobility of care industry workers may respond differently to an overall increase in
labor market tightness.

We analyze the heterogeneities among low-wage workers using the framework develdagdrby

et al. (2023. Speci cally, we utilize CPS monthly microdata, JOLTS separations, and LEHD
Job-to-Job ows to estimate the effect of labor market tightness on quit elasticities, wages, and
inter-industry mobility for workers employed in care industries. We contrast our estimates with
ndings on low-wage workers employed in the leisure and hospitality industries, which is a common
focal point for labor economics debat&€3afd and Kruege200Q Dube et al.201Q Autor et al,

2023.

We nd that care industries, as well as leisure and hospitality, experienced a signi cant rise in quit
rates after 2020. However, the trajectories of workers in these sectors were quite distinct. Leisure
and hospitality workers exhibited notable upward mobility across industry wage-premium quartiles
(Autor et al, 2023, along with frequent exits to higher-paying sectors. These patterns are consistent
with the availability of improved outside options in a tight labor market. In contrast, care industry
workers showed limited mobility to other sectors, elevated rates of within-industry job downgrades,
and diminished separation elasticities in the aftermath of Covid-19. These dynamics re ect well-

!De ned to include healthcare, education, and social services.
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documented structural features of care industries, including credential-based occupational closure, a
disproportionately female and older workforce, and pandemic-induced deterioration in working
conditions. Overall, our ndings indicate that while high quit rates in leisure and hospitality
primarily re ected low-wage workers upgrading to better jobs, elevated quit rates in care industries
were driven largely by non-wage factors and deteriorating workplace conditions.

The remainder of the paper is organized as follows. We begin in Sezhgrsituating our analysis

within the literature on post-pandemic labor markets, wage compression, and worker heterogeneity,
and by motivating the hypotheses that guide the empirical analysis. S8atitnduces the data

and key variables. Sectiohthen documents heterogeneity at the industry level, focusing on
differences in quit behavior, wage responsiveness, and mobility between care industries and leisure
and hospitality. Sectiob shifts the focus to workers, showing how demographic characteristics
and household constraints shape post-pandemic mobility and wage dynamics. 6egaomnes
deteriorating working conditions as a potential non-wage driver of quits and S&atmmcludes.

2. Related Literature

The recent surge in in ation and tight post-pandemic labor markets in the United States has renewed
interest in the “reawakening” of the Phillips curv@g]l et al, 2022, how to best measure labor
market slack Barnichon and Shapir@024, and the responsiveness of wages and worker mobility

to an unusually tight labor markefqQtor et al, 2023. Yet aggregate trends obscure potential
heterogeneity across worker groups and sectors of employment in terms of who bene ts and who
loses in a high-pressure economy. Much of the empirical literature emphasizes average relationships
between unemployment and wages, or between GDP growth and unemployment, and typically
distinguishes workers by skill levels or basic demographics such as gender or race. Far less attention
has been paid to variation across sectors of employment and types of occupational mobility.

Following Okun(1973's high-pressure economy hypothesis, numerous studies document that strong
labor markets, such as that of the United States during the late 1990s, tend to bene t disadvantaged
groups, particularly low-skilled and minority workers. ResearclKhyz and Kruege(1999 shows

that wage growth for low-wage workers is more responsive to falling unemployment, @Gdjier

et al.(2017 con rm that job mobility for Black and Hispanic workers is more sensitive to both
positive and negative GDP shocks than for White work€arnevale and Di Frances(2025 have
recently documented higher sensitivity to both positive and negative aggregate demand shocks in
participation, employment and unemployment outcomes for these grBrgudbury(2000 nds

that the unemployment gap between Black and White men narrows when unemployment falls below
5 percent, whiléVilson (2015 andHotchkiss and Mooré2018 show that disadvantaged groups

saw notable temporary gains in employment and earnings in the late 1990s. Supportifgllibls,
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and Krolikowski(2018 nd modest and short-lived improvements for less-educated men during
times of strong labor markets, whifgaronson et al(2019 argue that these bene ts seem to persist
especially in terms of participation rate.

Several mechanisms have been proposed to explain these effects, such as employers in tight
markets lowering hiring standards or upgrading marginal workers to avoid new hires. For example,
Holzer et al.(200§ andModestino et al(2016 observe that tight labor markets led employers to

hire candidates with stigmas or fewer quali catioi3evereux(2002 nds that in times of low
unemployment, new hires tend to be less educated and to experience better job matching outcomes,
which aligns withAkerlof et al.(1988's vacancy chain theory of procyclical quit rates.

During the Covid-19 pandemic, Hispanic and Black workers, along with those with lower education
and income levels, faced higher risks of layoffothwell and Smith2021). Not surprisingly, those
employed in occupations that allowed for remote work—often jobs with already higher standards
of quality and safety—experienced overall improvements in job quality as a consequence of the
pandemic Rothwell and Crabtre021). Albanesi and Kim(2021) documents larger employment
losses for women during the Covid-19 recession, running counter to the “added-worker” hypothesis
which sees women's attachment to the labor force rising during economic downturns as a form of
household income insurancélfjeroth et al, 2019. Women's disproportionate employment in the
service sector, their greater responsiveness to school disruptions due to gender norms, and the child
penalty that relegates them to low-wage joB&étty et al.2024), help explain the “she-cession”
feature of Covid-19Dasgupta2020. In this vein,Albanesi and Kim(2021) disentangle the effect

of marital status and presence of children relative to that of occupational characteristics—classi ed
by their exibility and contact exposure—and nd that, for women, their family status explains about
two-thirds of employment changes, while occupation accounts for one-third. Evidence from Europe
also documents greater layoff incidence among less educated women, who are overrepresented
in low-wage, non-teleworkable job€étrulo et al. 2020 Nelli and Virgillito, 2023. Jobs with

greater potential for remote work, by contrast, are concentrated among higher-paid workers, such as
managers and executives, academics, technical professionals, and clerical support workers. Thus,
low-income workers faced a triple bind: health risks on the job due to greater social contact, income
risks from higher job loss probabilities, and employment risks from limited feasibility of remote
work (Cetrulo et al.2020.

Beyond “hot” economy considerationsaidu and Carf2022 argue that we should not expect

labor supply elasticities to be uniform across worker groups even in normal times. Single mothers
and other caregivers—disproportionately women—face structural mobility constraints, including
childcare responsibilities and in exible schedules, limiting the responsiveness of their labor market
participation and wage outcomes to broader macroeconomic trends. These constraints are partic-
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ularly salient in the care sector, which employs a large share of women, immigrants, and racial
minorities.

However, there can be idiosyncratic characteristics of employment sectors and occupations that
might affect the wage Phillips curve beyond workers' demographics. Care work presents a structural
con guration that diverges from standard labor market models. Scholars in feminist political
economy have long emphasized that care work is devalued in capitalist economies due to its
association with “feminized” traits such as emotional labor, nurturing, and relational glggand

(2009 synthesizes competing theories explaining the persistent wage penalty attached to care
occupations, and the corresponding dif culties to bene t from high-pressure economies. One
central explanation is devaluation theory, which posits that tasks historically linked to women and
domestic labor are systematically underpaid due to cultural and institutional biases rather than their
intrinsic skill content England et a].2002 2017).

Another stream of literature stresses the “public good” nature of care work, arguing that the
indirect bene ts of care labor—such as enhanced capabilities and well-being of care recipients—are
dif cult to quantify and monetize, leading to systemic underprovision and undervaluation in market
economiesFolbre(1994 2001 advances this perspective by highlighting how market mechanisms
fail to capture the social returns of care, resulting in low pay despite high social value. The “prisoner
of love” argument, articulated iyolbre(2001), draws on the theory of compensating differentials to
suggest that the intrinsic rewards of care work such as emotional ful llment or moral satisfaction act
as non-monetary bene ts that workers accept in exchange for lower wages. This framework implies
that wage sensitivity among care workers may be muted by vocational commitment and affective
ties to their work, reducing their likelihood of job separation in response to wage differentials.

Segmentation within care industries further complicates wage dynakiviesden(2002 builds

on closure theory to argue that occupations requiring professional credentials, such as registered
nurses or licensed therapists, bene t from restricted labor market access and corresponding wage
premiums. In contrast, less protected jobs—such as home health aides or childcare workers—suffer
from wage compression and high turnover. Institutional histories matter asResfitch(1974),
Starr(1982 andDuffy (2011) point out that care occupations have often achieved labor market
power through professionalization rather than collective bargaining, unevenly bene ting workers
along lines of race, class, and gender. Thus, even within the same sector, wage trajectories diverge
sharply, depending more on the occupation's credentialing structure than on common bargaining
grounds.

The Covid-19 pandemic also brought policy shocks that altered labor market conditions and wage
dynamics, especially in the low-wage sectors. Public subsidies introduced under the American
Rescue Plan (ARP) and related interventions disproportionately affected the care economy by
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subsidizing service demand and stabilizing employment. Expanded funding for childcare programs
and long-term care providers helped employers retain staff and offer retention bonuses, possibly
reducing voluntary separations and constraining wage growth in the short term. These policy
interventions may have distorted or delayed market-driven wage adjustments, particularly in sectors
that are heavily reliant on public funding, such as state and local government education system and
publicly-funded hospitalsTihe White Housg2023. As argued byAboobaker and Skot2025),

the scal response to the pandemic constituted a power-biased policy that materially improved the
fallback position of low-wage workers through direct unemployment bene ts, with impacts also on
the perception of fairness and reservation wages, expanding the battery of in uencing factors in
addition to monopsony and monopoly mechanics.

In this context, the nature of job mobility becomes critical. Evidence suggests that low-wage workers
became more likely to engage in job-to-job transitions after the pandemic, yet the implications of
such mobility for wage outcomes remain contested. Traditional models predict wage gains from
mobility through better matche3q¢pel and Ward1992), but recent work emphasizes that mobility

can also lead to wage stagnation or even downgrades, depending on the sector and institutional
context Haltiwanger et al.2021). In the care sector, job mobility may also take the form of
shifts between public and private employers, generating higher wages—especially for the more
credentialed workers—without changing occupations. This form of intra-sectoral mobility contrasts
with the experience of workers in food or retail, where job changes are more likely to involve inter-
sectoral movement, given the combination of lower credential requirements, weaker job attachment,
and workforce demographics that facilitate mobility.

Finally, the composition and dynamics of industry wage premia shifted markedly in the wake of the
Covid-19 pandemic. The largest upward movements in wage-premium rankings are concentrated
in a subset of manufacturing industries, many of which operate in relatively specialized product
niches. These industries are highly dependent on demand shocks and require continued in-person
production as well as occupation-speci c skills (see Fighr®). The observed wage increases are
consistent with the need to attract and retain specialized workers in a context of high post-pandemic
goods demandX(upor and Hogaj2025. Child and elder care remained instead constrained by
regulatory and funding structures and this divergence raises important questions about how industry
characteristics mediate the relationship between job mobility and wage outcomes for low-wage
workers.

In sum, beyond the initial health shock, the pandemic triggered a sequence of policy interven-
tions—including sector-speci ¢ shutdowns based on the distinction between essential and non-
essential activities, school closures, and ad hoc scal recovery programs—that generated sharply
differentiated effects across demographic groups and economic sectors. Large scal packages such
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as the CARES Act and the American Rescue Plan Act indeed operated through heterogeneous sec-
toral channels, providing uneven support across industaes} paid out to households in the form

of support for low-income households and unemployed, tax cuts and child bene ts. Analyzing wage
dynamics and job mobility among low-wage workers in the aftermath of the pandemic—especially

in the care economy—requires a huanced understanding of structural constraints, institutional con-
gurations, and non-wage job amenities, where both industry- and workforce-speci ¢ heterogeneity
matter.

3. Data

Our key data source is the monthly Current Population Survey (CPS), sourced from IPUMS and
made available by the Bureau of Labor Statistics, covering January 2015 through December 2023.
It is a publicly accessible and widely used representative sample of the U.S. workforce, which also
collects data on employment status and earnings for one-fourth of total sampled households each
month through the Outgoing Rotation Group sample. CPS respondents are interviewed for four
consecutive months, rotated out for eight months, and then reinterviewed for another four months.
Sampled individuals report wages in months-in-sample (MIS) 4 and 8, and questions on job changes
between two consecutive months in sample, captured by the vaBEMRSAME are asked only

in MIS 2 f 2; 3;4;6; 7; 8. Whenever possible, we use self-reported hourly wages and for salaried
workers we calculate hourly wages as the ratio of weekly earnings and usual weekly hours at the
main job.

Nominal wages are de ated using the CPI-U series from the Bureau of Labor Statistics, and we
winsorize earnings at $2.13 per hour (the minimum wage for tipped workers since 1991) and
top-code at $75/hour (equivalent to an annual salary of $150,000 for 40 hours per week over 50
weeks), followingAutor et al.(2023. We exclude self-employed, armed forces and unpaid family
workers, restricting age range to 16-64. When computing wage quantiles, we rst calculate national
monthly quantiles and then smooth predicted ranks using a lowess regression, following the strategy
of Autor et al.(2023 to mitigate round-number bunching in self-reported earnings.

In our framework, labor market tightness is the ratio of state-level Job-to-Job (J2J) Flows from
the U.S. Census Bureau's Longitudinal Employer-Household Dynamics (LEHD) program to the
state unemployment rate from the Bureau of Labor Statistics' Local Area Unemployment Statistics
(LAUS). LEHD data consists of a publicly available matched employer-employee dataset covering
95% of employment in the United States, providing more precise estimates of job-to-job movements
than the CPS whenever worker-level separation is not required. When looking at industry-level job

2For example, the American Rescue Plan Act included sector-targeted interventions such as Child Care Stabilization Grants
and expanded Affordable Care Act subsidies, while additional state-level “stopgap” funding was introduced in some jurisdictions
following the expiration of ARP child care suppo@®fce of Representative Veronica Escoban?25.
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quits we use the Job Opening and Labor Turnover Statistics (JOLTS), and we rely on the Census
Bureau's 1990 Census-1997 NAICS industry classi cation crosswalk to align CPS worker data with
JOLTS industry mobility dynamics.

To track working conditions and psychological distress in Se@jome use stress tolerance scores

from the Occupational Information Network (O*NET) and four indicators of subjective well-being
from the U.S. Household Pulse Survey (HPS). ONET is a comprehensive database maintained by
the U.S. Department of Labor that provides detailed, occupation-level measures of job content,
requirements, and working conditions in the form of standardized descriptors for nearly 1,000
occupations. We rely on annual ONET releases from 2019 to 2023 to characterize changes in the
distribution of working conditions across occupations before and after the onset of the Covid-19
pandemic. The U.S. HPS is a nationally representative high-frequency survey conducted by the
U.S. Census Bureau between 2020 and 2023 designed to monitor the social and economic impacts
of Covid-19 through repeated cross-sectional measures of mental health, such as self-reported
symptoms of anxiety and depression, alongside demographic characteristics including gender and
education levels.

4. Industry-Level Heterogeneity

4.1. Quit Dynamics

We begin by documenting how quit behavior evolved across industries in the aftermath of the
Covid-19 pandemic. Using Job Openings and Labor Turnover Survey (JOLTS) data, we replicate
the evidence irAutor et al.(2023 on voluntary monthly separation rates for the period 2015-2023
and extend the analysis to healthcare and social assistance, as well as to private and public education.
Figurel con rms that leisure and hospitality workers are driving quit rates in the 6 months following
January 2020, with voluntary separations oscillating around 5.5% from 2021 until mid-2022 vs. a
value of 4.4% in January 202&x ante one would expect substantial disruptions in both education

and healthcare. K-12 education was heavily affected by Covid-19 mitigation policies, as state-level
mandates led to nationwide school closures from mid-March 2020 until fall 2020, and the healthcare
system rapidly emerged, rstin media coverage and later in the academic literature, as one of the
most severely impacted, facing extreme workloads, greater risk of exposure and an unprecedented
wave of resignationsilvin, 2021, U.S. Bureau of Labor Statistic2020).

We indeed see that the sharp post-pandemic rise in job separations was more pronounced in the
healthcare and social assistance sector (Figjuranel (b)), with sustained quit rates above the
pre-pandemic value of 2.1% until the eve of 2024. On the contrary, quit rates in the private
education sector remained stable over the whole period, with only small changes induced by the
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pandemic, while voluntary separations in the public education sector were small yet consistently
above pre-pandemic levels for a longer time. These patterns indicate substantial heterogeneity
in post-pandemic labor market adjustment across sectors, even among industries traditionally
characterized by relatively low turnover. While pandemic-related health concerns and policy
interventions undoubtedly shaped labor market dynamics in 2020, the persistence of elevated quit
rates in healthcare well into the post-pandemic period suggests that these dynamics cannot be
attributed solely to short-run health risks.

Average quit rates in both education and health care remain well below those observed in leisure and
hospitality, where higher turnover is typical. Accommodation and food services employ younger,
less educated and poorer workers compared with healthcare and social assistance—highly feminized
industries characterized by older workers and higher entry credentials. TTebliects information

on these two industries to highlight their differences in worker demographics, educational attainment
and incidence of low wages. Indeed, despite similar patterns in transitions, theory and prior empirical
literature point to important qualitative differences in what spurred voluntary mobility to other
jobs: low-wage workers in restaurants, fast food, cafeterias and hotels most likely had weaker
job attachments and fewer credentials, which made transitions to better-paying occupations more
attractive. Healthcare professionals may have faced heavier workloads and worsening working
conditions in the aftermath of the pandemic, leading them to leave their jobs even without clear
wage upgrading prospects—consistent with the relatively less elastic workforce of older and female
workers. This rationale motivates a closer examination of whether standard wage-based mechanisms
can account for observed quit dynamics across industries.

4.2. Differences in the Wage-Separation Elasticity

To assess whether wage incentives help explain industry-level quit dynamics, we estimate the
response of worker separations to workers' own wage earnings for pre (2015-2019) and post (2021-
2023) Covid periods, purged of the in uence of standard Mincerian covariates (age, gender, race,
ethnicity, education, metro area status, state, citizenship). Higher turbulence after wage rise is
expected to be higher in those sectors that lack entry credentials, i.e. that are less "costly’ for the
workers to leave.

To test this hypothesis for the U.S. post-pandemic labor market, we measure the elasticity of
employer-to-employer separation at 3 months to real changes in hourly wages with the following
model, drawn fromAutor et al.(2023:

JE= o Wi 0+ X5+ (1)
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where the result is an indicator of whether the wolkerade a separation from work in the last three
months k = 3) and the key independent variablé\fy ; is the log of the real hourly earnings
reported by the respondenin MIS4, that is, the rst month in the sample where the respondents

are asked to report their wage. Veciof, , collects four age groups (under 25, 25-39, 40-54, over

55), ve education categories (less than high school, high shool diploma, some college, bachelor
of arts, greater than bachelor of arts), and information about gender, race, ethnicity, citizenship
and metro area status. Since respondents are interviewed for four consecutive months, rotated out
for eight months before being interviewed again for other four months, we de ne a job transition
whenever a worker reports having changed her employer or primary job during months 6 or 8 of the
sample, with the wage information collected beforehand in month 4.

These models are estimated at the worker level to capture differences in wage-separation elasticities
across industries, by grouping workers according to their industry of employment dt tinhe
regardless of their destination industry. In TaBleve do not nd much evidence of distinct
patterns between workers in healthcare and social assistance and those in leisure and hospitality
industries. Both groups display signi cant mobility-to-wage elasticities, slightly higher for leisure
and hospitality workers, but both lose signi cance in the 2021-2023 interval. The dynamics
are driven by women in the former and by men workers in the latter respectively, re ecting
workers previling demographics in the industries. As for bottom quartile workers, we spot a
weakly signi cant coef cient only for low-wage leisure and hospitality workers, in line with the
expectations.

If quits in healthcare are not primarily driven by wage incentives, an important question is where
workers transition after leaving their jobs. Are they downgrading or upgrading their earnings
conditions? If wage premia are rising within an industry after the pandemic and workers are not
constrained by household responsibilities, does this increase the likelihood of remaining within
the industry? Conversely, if working conditions are deteriorating and workers face demographic
barriers or limited exit options in line with their credentials and education, are they more likely to
stay in the industry, switch to another, or temporarily exit the labor force?

4.3. Upward or Downward Mobility?

Using industry wage-premium rankings constructed from pre-pandemic data, we estimate the
probability that workers transition to higher- or lower-paying industries following a job change. In
line with Autor et al.(2023, we divide industries into quartiles based on their ranked wage premia,
Q(w; ), with each group containing 25% of employment in 2015-2019. The following linear model
characterizes the probability that a worker who is employed in quartile3 of the industry wage
premium distribution in month 1 switches employers and is employed in a higher quartile of the

10
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distribution in the following month. Formally:

E 1 Q(w:)>Q(wit 1) Q(waur 1)) 3 = 11[2015 t 2019]
+ ,1[2021 t 2023] (2)

wherew; i; 1) is the estimated industry wage premium for work@mployed in industry in

periodt 1, and the coef cients ; and , capture the probability of upward industry mobility
during the years 2015-2019 and 2021-2023, respectively. Analogously, we estimate downward
mobility as follows:

E 1 Q(wr) <Q(&it 1) Q(war 1)) 2 = 11[2015 t 2019]
b ,1[2021 t 2023] (3)

In Figure2, we compare mobility dynamics in leisure and hospitality with those in healthcare and
social assistance. Workers employed in the former experienced a signi cantly higher probability of
upward mobility after the pandemic, consistent with improved outside options in a tight labor market.
By contrast, workers in healthcare and social assistance saw their probability of transitioning to
a job in a lower wage quatrtile rise from 0.32% to 0.42%. But is this down/upgrade occurring
within or outside the same broad industry group? The transition channels of Bighosvs that, in
compliance with our expectations, care workers became more likely to change employers within
related sectors after the pandemic, with the pre—post difference statistically signi cant. This internal
reshuf ing most likely translated into downgrading, as we have seen in the barplots of Figure
2, partly because healthcare industries—despite common expectations that pandemic pressures
would push professionals' earnings upward—reported no signi cant upgrades in wage premia after
the pandemic, as evidenced by the rank changes in Baliter leisure and hospitality workers,
temporarily exiting the labor force displayed a relevant increase in probability after the pandemic,
con rming the relatively low exit costs characteristic of an industry with limited educational
requirements—a pattern also evident in their high probability of transitioning to other industries
following a job change.

These results indicate that while elevated quit rates in leisure and hospitality re ect classic upgrading
dynamics in a tight labor market, quits in healthcare and social assistance are more consistent with
constrained mobility and adjustment through reshuf ing and downgrading. This industry-level
divergence sets the stage for the next section, which examines how workforce characteristics and
household constraints help explain these sectoral patterns.

11
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5. Workforce-Level Heterogeneity

5.1. Who Quits?

Now, we identify the workers that drive the job-to-job changes that we observed at the industry
level in the post-pandemic years. As mentioned in Se@jadxutor et al.(2023 show that workers

under 40 with no college degree experienced the highest rates of post-pandemic job-to-job mobility.
Building on their framework we nd that this result is in fact largely driven by women, while
separation rates for equally educated men increase much less. This evidence con rms the “she-
cession” feature of the pandemic, and contributes to shifting the interpretation of post-pandemic
labor supply responses away from standard demographic gradients such as age and education,
toward gender and variation in household characteristics.

Figure4 plots monthly separation rates for the full CPS sample of employed working-age individuals
and relevant subgroups. We identify workers who made an employment-to-employment (EE)
transition as those who were employed in two consecutive survey months and report having changed
employers or main job between those months. We rst acknowledge that women under 40 with
high school education or less bear the bulk of separations in 2021, pointing to the importance of
disentangling patterns by gender (panel (e) and panel (f)). These are predominantly unmarried
women (panel (c)), whose job transition rate rose from an average of 3% during 2017-2019 to a peak
of 4% in August 2021, before returning to pre-pandemic levels in January 2023 (rates for unmarried
men are indeed lower, as shown in panel (d)). Women with children also experienced higher EE
transition rates, although lower than their unmarried counterpart, rising from 2.5% pre-pandemic to
3.2% in July 2021. Evidence for additional demographic subgroups is reported in Riguirethe
Appendix.

In the next section, we dig into the determinants of job transitions, where we expect heterogeneity
among low-wage workers in their ability to take advantage of tighter competitive conditions. We
indeed test for heterogeneity in the wage Phillips curve attributable to worker demographics,
distinguishing which groups were more responsive to the post-pandemic rise in labor market
tightness and to what extent wage increase translated into job separations. In short, we ask whether
the channel “tightnesls wage increasé higher separations” holds for the workers driving EE
separations in the aftermath of the pandemic.

5.2. Wage-Phillips Elasticities

To validate how the relation between labor market tightness and wage growth varies according
to worker demographics and wage levels, we estimate the wage Phillips curve with the following
speci cation fromAutor et al.(2023:

12
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In Wst = Tightg, |+ th T ot st 6yt 4)

Here, In W, is the change in the average log wage in stsbetween semestets 1 andt,

and the vectors; and g contain time effects (in six-month increments) and state xed effects,
respectively. Demographic controlsXy; include state-by-period population shares of age groups,
education groups, race (Black), Hispanic ethnicity, and sex. The explanatory variable of interest,
Tight,,, ,, is state-level labor market tightness, measured as EE separation rate over unemployment.
The coef cient estimates the relationship between the level of tightness atttimg and the
change in state-level annualized log wages betweeri andt. Wage quartiles are computed
separately for women and men.

Estimates of equatiord) for the main explanatory variable are reported separately for the pre-
and post-Covid periods in Tablke For the overall sample, the slope of 0.031 indicates that a
one-standard deviation increase in tightness predicts 3.1 percent additional semi-annual wage
growth in the 2021-2023 period for women and men combined. The responsiveness of wages in the
pre-Covid period (2015-2019) is instead modest at 0.007 and not statistically signi cant. When
differentiating by gender, we observe weak relationships for women in both periods, while men
show a statistically signi cant coef cient of 0.038 in the post-pandemic period, driving the overall
dynamics. In the pool of bottom wage quartile workers, we see male workers experiencing the
strongest wage-Phillips curve steepening in the post-Covid years, with a signi cant coef cient
of almost 6% against a pre-Covid coef cient of 0.8%. Our results show remarkable evidence of
enhanced responsiveness to tightness, especially among low-income workers with limited family
burdens.

The channel linking tighter labor market conditions and wage premia is veri ed, in our framework,
for a speci c target of workers, namely male unmarried low-income workers. However, as we
have seen in Sectidn 1, overall separation rates are driven by unmarried women. If wage growth
responds strongly to tightness for men but job separations are driven by women, to what extent can
wage incentives explain post-pandemic mobility patterns?

We estimate own wage-separation elasticities using equdltjdinofn Section4, separately by
gender, wage level, household type, for the pre-Covid and post-Covid periods. We expect wage-
driven mobility to be stronger among workers with lower care burdens (i.e. single men), who
face fewer geographic and commuting constraints and can therefore more easily take advantage of
better-paying opportunities. Consistent with this intuition, results collected in Badilew that the
increase in wage-separation elasticity observed in 2021-2023 relative to the pre-pandemic period is
driven primarily by male workers, as the mobility probability for women declines slightly after the

13



Are All Low-Wage Workers Alike?

pandemic from -0.169 to -0.131. However, the overall change in elasticities from -0.149 t0 -0.170 is
not statistically signi cant, and the same holds for the gender-speci ¢ coef cients (with p-values of
0.31 and 0.65), indicating that the tightening of the labor market in 2021-2023 did not signi cantly
alter the wage-separation relationship.

Wage—separation elasticities are more pronounced for men, for whom the wage channel remains
operative even after marriage or the presence of young children, with coef cients rising in magnitude
after the pandemic. By contrast, responsiveness to wage changes weakens for married and unmarried
women after the pandemic, and is largely absent for women with children in both periods. These
ndings are consistent with our expectation that men are more likely to bene t from a tightening
labor market, enjoying greater mobility in response to earnings deterioration—even when married or
with children. By contrast, the signi cant elasticities observed for women overall tend to dissipate
when the analysis is restricted to the post-pandemic period.

This raises the question of whether post-Covid transitions among women re ect upgrading to
better-paying industries or instead adjustment through lateral moves, reshuf ing across sectors,
or downgrading. In the next section, we address this issue by examining upward and downward
mobility across industry wage premia as a function of workforce characteristics.

5.3. Upward or Downward Mobility?

We estimate equation®)(and @) for selected demographics groups. Figbreeveals that the
probability of downward mobility rose from 0.35% in 2015-2019 to 0.42% in 2021-2023 for
women. In contrast, the probability of upward mobility for men increased from 0.53% to 0.6%.
These aggregate dynamics are driven by unmarried workers, since women's mobility is statistically
signi cantly more likely to involve downgrading rather than wage upgrading, even when household
constraints are limited. In contrast, married workers or those with young children exhibit no
signi cant changes in mobility across wage premia in the two periods (FigLtén the Appendix).

Women are thus adjusting through lateral moves and downgrading, complementing, and consistent
with, the weak wage-Phillips curve and wage-separation elasticities documented so far. The intuition

is that non-wage factors, such as changes in working conditions might have played an important
role for the post-pandemic mobility of these segments of workers, an hypothesis that we investigate

in the following section.

6. Room for Deteriorating Working Conditions?

Since the channel linking tighter labor markets, limited scope for wage markdowns, and higher
separation rates do not explain quit dynamics in either the demographic group driving post-pandemic
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separations or the industries experiencing the largest spikes outside leisure and hospitality, we turn
to deteriorating working conditions as the next channel of analysis. Heightened stress and exibility
demands on health and social work professionals may have spurred quits, resulting in reshuf ing
within similar sectors or occupations. Given the high cost of leaving an industry that requires
speci ¢ credentials, such as a nursing or medical degrees or assistant certi cations, many workers
might have accepted wage downgrades as a transitory channel to cope with workplace strain.

To explore whether this was the case, we draw on two complementary data sources providing
information on job demands and psychological distress: the Occupational Information Network
(ONET) and the U.S. Household Pulse Survey (HPS), mirroring our earlier distinction between
industry-level and workforce-level heterogeneity. Figameports occupation-level stress tolerance
scores from the ONET Work Styles surveys from January 2019 to July 2023, allowing for pre- to
post-Covid comparisons. Nurse practitioners and registered nurses, in particular, exhibit higher
average stress tolerance scores after the pandemic, consistent with heightened job strain. Coverage
is limited to occupations for which ONET updates are available over the 2019-2023 period, and
therefore does not span all occupations within healthcare and leisure and hospitality. #Aigure
in turn, shows that over the 2020-2023 period women consistently report the highest levels of
worry, lack of interest, and depression, as well as high levels of anxiety—with less-educated women
leading the scores for every indicator except anxiety, for which the more educated cohort reports
even higher levels.

The Household Pulse Survey is a repeated cross-sectional survey in which each wave samples
different individuals and, therefore, our analysis focuses on persistent differences in population-
level distress across groups and broad changes across pandemic and post-pandemic phases (over
2020-2023), rather than on individual trajectories, or the impact of the pandemic.

This is of course just preliminary evidence of what could be among the most important non-
wage factors in explaining extraordinary Covid-induced quit rates. However, the convergence of
occupation-level stress measures and population-level psychological distress points to heightened
strain among women, suggesting that our target group—unmarried women employed in healthcare
and social assistance—might have responded more to deteriorating working conditions than to higher
labor market tightness. Far from bene ting from the unexpected wage compression documented by
Autor et al.(2023, these workers instead experienced wage downgrades while playing a central
role in post-Covid quit-rate dynamics. They thus emerge as the “losers” of the Covid-19 pandemic.
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7. Conclusions

This paper examines heterogeneity in post-pandemic labor market adjustment among low-wage
workers, with a particular focus on care industries. Building on the framewohkitufr et al.(2023,

we combine industry-level evidence on quits with worker-level analyses of job-to-job mobility,
wage responsiveness, and the direction of transitions across industry wage premia. Our central goal
is to understand whether the unprecedented rise in quits following Covid-19 re ects wage-driven
upgrading in a tight labor market or instead adjustment along non-wage margins.

Three main ndings emerge. First, while both leisure and hospitality and healthcare and social
assistance experienced elevated quit rates after 2020, the underlying dynamics differ sharply. Leisure
and hospitality workers exhibit patterns consistent with classic high-pressure economy mechanisms:
strong wage Phillips curves, increased wage-separation elasticities, and substantial upward mobility
across industry wage-premium quartiles. In contrast, healthcare and social assistance workers
display weaker wage responsiveness, limited outward mobility, and a rise in within-industry
reshuf ing accompanied by downgrading.

Second, these differences are closely tied to workforce composition and household constraints.
At the workforce level, post-pandemic job-to-job separations are driven primarily by unmarried
women, yet wage growth and wage-driven mobility respond most strongly to labor market tightness
among unmarried, low-income men. This disconnect implies that the workers most responsive to
wage incentives are not those driving post-pandemic quits. For women, wage-separation elasticities
weaken after Covid-19, and mobility increasingly takes the form of lateral moves or downgrading
rather than upgrading, especially among the unmarried.

Third, suggestive evidence from occupation-level stress measures (O*NET) and population-level
psychological distress (Household Pulse Survey) points to deteriorating working conditions as an
important non-wage driver of post-pandemic mobility, particularly in care-intensive occupations.
Healthcare professionals exhibit rising stress tolerance requirements after the pandemic, while
women—especially those with lower education—report persistently elevated levels of anxiety,
depression, and disengagement. While these data do not allow direct linkage between distress
and individual job transitions, their convergence with the mobility and wage results supports an
interpretation in which quits among care workers re ect adjustment to heightened strain rather than
improved outside options.

Taken together, our ndings suggest that the post-pandemic wage compression documented in
the aggregate did not bene t all low-wage workers equally. Mobile workers in sectors with low
credential barriers were able to convert tight labor markets into wage gains and upward mobility.
By contrast, workers in care industries—disproportionately women and subject to credential and
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household-related constraints—experienced high quit rates without commensurate wage upgrading,
adjusting instead through reshuf ing and downgrading. In this sense, quits in healthcare and social
assistance re ect limits of wage-based adjustment mechanisms in the presence of structural and
institutional constraints.

This paper opens several avenues for future research. First, richer linked data combining working
conditions, mental health, and employment histories would allow a more direct assessment of
how deteriorating job quality translates into mobility decisions. Second, distinguishing between
temporary downgrades and persistent scarring following pandemic-induced transitions remains
an open question, particularly for women in care occupations. Finally, our results highlight the
importance of policy environments—such as public funding structures, staf ng mandates, and
credentialing regimes—in shaping adjustment margins. Understanding how institutional reforms
could mitigate non-wage deterioration in care work is crucial for designing labor market policies that
promote not only employment and wages, but also sustainable job quality in future high-pressure
economies.

17



Are All Low-Wage Workers Alike?

Table 1: Composition of Industries of Interest

Healthcare & Social Assistance  Leisure & Hospitality
2015-2019 2021-2023 2015-2019 2021-2023

Share female 0.81 0.80 0.53 0.54
Share under 40 0.48 0.48 0.71 0.69
Share married 0.54 0.54 0.29 0.28
Share with children 0.14 0.14 0.11 0.09
Share with college degree 0.41 0.46 0.16 0.17
Share bottom wage quartile 0.23 0.23 0.61 0.60

Notes CPS monthly dataHealthcare & Social Assistandaclude those in the following 1990 Census industries: of ces of
physicians, dentists, chiropractors, optometrists, outpatient care centers, hospitals, nursing care facilities, home health care, vocational
rehabilitation and child day care services, corresponding to NAICS.6&ure & Hospitalityworkers are those in eating and

drinking places, hotels and motels, lodging places, bowling centers, miscellaneous entertainment and recreation services, museums,
art galleries, and zoos, corresponding to NAICS 71 and 72 (according to the Census Bureau's 1990 Census—1997 NAICS crosswalk).
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Figure 1: Monthly Quit Rates by Industry, 2015-2023
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Table 2: Employer-to-Employer Separation Elasticity Estimates for Selected Industries

Healthcare & Social Assistance Leisure & Hospitality
Overall Men Women Overall Men Women
Full Sample
2015-2019 -0.135 -0.073 -0.153  -0.167 -0.262 -0.096
(0.051) (0.118)  (0.060) (0.051) (0.080) (0.073)
2021-2023 -0.041 0.274 -0.120 -0.047 0.146 -0.013

(0.096) (0.232) (0.111) (0.102)  (0.172)  (0.135)

Bottom Quartile

2015-2019 -0.026 0.061  -0.109  -0.198
(0.166) (0.195)  (0.082)  (0.141)

2021-2023 -0.047 0.076  -0.393 -0.580
(0.102) (0.364)  (0.188)  (0.041)

Notes Separation elasticities by regressing EE separation on logged real wages frontlrandehultiplying by one minus the
mean EE separation rate for the corresponding period and subgroup. The binary dependent variable measures wheither worker
reported a job change in month-in-sample 6, 7 or 8, while hourly wage is reported by the respondent in month-in-sample 4.

p<0.1; p<0.05; p<0.01

Figure 2: Upward/Downward Mobility in Selected Industries

(a) Leisure & Hospitality (b) Healthcare & Social Assistance

Percentage points
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Notes Figure reports monthly hazard rates of upward and downward mobility across industry wage premium (IWP) quartiles.
Upward mobility is de ned as the probability that a worker employed in quartiles 1-3 of the IWP distribution in periddnoves

to a higher quartile in periotl Downward mobility is de ned as the probability that a worker employed in quartiles 2—4 of the IWP
distribution in period 1 moves to a lower quartile in peridd IWP quartiles are constructed in 2015-2019 by regressing log real
wages on age, ageag€, race, ethnicity, education, citizenship, metro status, and industry xed effects. The sample is restricted to
individuals employed in consecutive months, antléisure & Hospitality(Healthcare & Social Assistantat periodt 1 for Panel

a (b). A job change occurs if the worker reports switching employers between periddandt. Error bars show 95% con dence
intervals for the change in mobility rates between periods.
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Figure 3: Channels of Job Transitions Across Industries and Into Inactivity/Unemployment
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Notes Monthly hazard rates of changing job while i) exiting the reference set of industries, ii) while staying within the same set,

while iii) transitioning to inactivity or unemployment. Evidence has to be treated with caution since “Measuring job change in the

CPS codes through month-to-month and year-to-year changes in respondents' reported industry and occupation introduces signi cant
measurement error, because the Census Bureau assigns industry and occupation codes to each CPS respondent each month based on
their self-reported (‘write-in') job description. If a worker is not entirely consistent in describing her job across successive surveys,

or if the Census Bureau re-tunes its textual coding algorithm, spurious industry and occupation transitions mapjuvesudt al,

2023.
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Table 3: Industry Wage Premium Rankings in 2015 and 2021 and Changes Over Time

Industry Rank 2015 Rank 2021

Healthcare & Social Assistance

Community food and housing, individual, family and emergency services 190 183 -7
Vocational rehabilitation services 217 210 -7

Of ce of chiropractors 191 188 -3
Residential care facilities, without nursing 196 193 -3
Hospitals 86 86 0

Of ces of physicians and outpatient care centers 86 86 0
Nursing care facilities 176 176 0

Of ces of optometrists 166 168 2

Of ces of dentists 127 130 3

Home health care and other health care services 155 159 4
Child day care services 213 217 4

Of ces of other health practitioners 153 164 11
Leisure & Hospitality

Bowling centers, independent artists, performing arts, spectator sports 216 207 -9
Restaurants and other food services, drinking places, alcoholic beverages 218 216 -2
Traveler accommodation 194 196 2

Other amusement, gambling, and recreation industries 186 190 4
Museums, art galleries, historical sites, and similar institutions 171 177 6
Recreational vehicle parks and camps, and rooming and boarding houses 204 213 9

Notes:Ranks are reported for 2015 and 2021 where ranks start at 1 (highest), so a negative change indicates upgrading.
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Figure 4: Monthly Employment-to-Employment Separation Rates by Groups, 2017-2023
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Table 4: Wage Phillips Curve Semi-Annual Coef cients

Overall Men Women
Full Sample
2015-2019 0.007 0.010 0.003
(0.008) (0.011) (0.007)
2021-2023 0.031 0.038 0.022

(0.010) (0.015) (0.013)
Bottom Quartile

2015-2019 0.008 -0.012
(0.023) (0.010)
2021-2023 0.059 0.011
(0.020) (0.020)
Unmarried
2015-2019 0.017 0.023
(0.030) (0.016)
2021-2023 0.042 0.016
(0.021) (0.022)
Married
2015-2019 0.005 -0.025
(0.017) (0.013)
2021-2023 0.023 0.020
(0.016) (0.023)
With Children
2015-2019 0.060 0.053
(0.065) (0.063)
2021-2023 -0.091 0.136
(0.093) (0.127)
State FE X X X
Half-year FE X X X

Observations (2015-2019) 459
Observations (2021-2023) 255

Notes Wage Phillips curve by regressing log real wage change (bettveehandt) on labor market tightness (in 1) from
equation 4), wheret in half-year periods. Tightness is computed as the average of the standardized EE separation rate and negative
standardized unemployment rate at the state level. Low wage workers correspond to women and men in the lowest wage quatrtile.
Standard errors robust against heteroskedasticity and serial correlation at the state level are reported in parentheses.

p<0.1; p<0.05; p<0.01 24
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Table 5: Employer-to-Employer Separation Elasticity Estimates

Overall Men Women
Full Sample
2015-2019 -0.149 -0.155 -0.169
(0.019) (0.050) (0.027)
2021-2023 -0.170 -0.187 -0.131

(0.036) (0.051) (0.026)

Bottom Quatrtile

2015-2019 0.010 -0.137
(0.085) (0.065)

2021-2023 0.342 0.070
(0.175) (0.116)

Married

2015-2019 -0.133 -0.175
(0.068) (0.038)

2021-2023 -0.226 -0.183
(0.068) (0.074)

Unmarried

2015-2019 -0.178 -0.191
(0.048) (0.051)

2021-2023 -0.200 -0.070
(0.089) (0.088)

With Children

2015-2019 -0.050 -0.067
(0.074) (0.080)

2021-2023 -0.358 -0.138
(0.134) (0.145)

Notes Separation elasticities by regressing EE separation on logged real wages from ed)atwhriultiplying by one minus

the mean EE separation rate for the corresponding period and subgroup. The binary dependent variable measures whether worker
i reported a job change in month-in-sample 6, 7 or 8, while hourly wage is reported by the respondent in month-in-sample 4.
Low wage workers correspond to women and men in the lowest wage quartile for that period (quartiles are period-speci ¢ but not
gender-specic). p<0.1; p<0.05; p<0.01
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Figure 5: Upward/Downward Mobility by Demographic Characteristics
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Notes Figure reports monthly hazard rates of upward and downward mobility across industry wage premium (IWP) quartiles.
Upward mobility is de ned as the probability that a worker employed in quartiles 1-3 of the IWP distribution in periadnoves

to a higher quartile in periodd Downward mobility is de ned as the probability that a worker employed in quartiles 2—4 of the IWP
distribution in period 1 moves to a lower quartile in peridd IWP quartiles are constructed separately for each subgroup in
2015-2019 by regressing log real wages on agée, agg, race, ethnicity, education, citizenship, metro status, and industry xed
effects. The sample is restricted to individuals employed in consecutive months. A job change occurs if the worker reports switching
employers between periotls 1 andt. Error bars show 95% con dence intervals for the change in mobility rates between periods.
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Figure 6: Stress Tolerance Score by Occupation, 2019-2023
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Figure 7: Subjective Well-Being Indicators by Gender and Education Group, 2020-2023

(a) Feeling nervous, anxious or on edge (b) Not being able to stop or control worrying

(c) Having little interest or pleasure in doing things (d) Feeling down, depressed or hopeless

Notes U.S. Household Pulse Survey 2020-2023, smoothed weekly mean (through moving average and loess) of four subjective
well-being indicators across gender and education groups (high school diploma or less, bachelor's degree or more). All variables are
coded on a 1-4 frequency scale (not at all, several days, more than half the days, nearly every day), with the survey question starting

with "Over the last 7 days, how often have you been bothered by the following problem?"
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Appendix

Figure A.1: Monthly Employment-to-Employment Separation Rates by Groups, 2017-2023

(a) Men (b) Women

(c) Married women (d) Married men

(e) Men with children

Notes CPS monthly data. EE separation rate is smoothed with a 3-month moving average.
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Table A.1: Composition of Low-Wage Industries

Bottom 25% Bottom 50%

Share female 0.52 0.58
Share under 40 0.62 0.54
Share married 0.39 0.49
Share with college degree 0.19 0.35

Notes CPS monthly data.

Figure A.2: Upward/Downward Mobility: Additional Demographic Characteristics
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Notes Figure reports monthly hazard rates of upward and downward mobility across industry wage premium (IWP) quartiles.
Upward mobility is de ned as the probability that a worker employed in quartiles 1-3 of the IWP distribution in periédnoves

to a higher quartile in periotl Downward mobility is de ned as the probability that a worker employed in quartiles 2—4 of the IWP
distribution in period 1 moves to a lower quartile in periad IWP quartiles are constructed separately for each subgroup in
2015-2019 by regressing log real wages on age, &g, race, ethnicity, education, citizenship, metro status, and industry xed
effects. The sample is restricted to individuals employed in consecutive months. A job change occurs if the worker reports switching
employer between periods 1 andt. Error bars show 95% con dence intervals for the change in mobility rates between periods.
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Figure A.3: Pre- and Post-Covid Industry Wage Premium Rankings

Notes Industry wage premia are calculated separately for 2015-2019 and 2021-2023 by regressing log real wage on age, age2,
age3, indicators variables for race, ethnicity, education, citizenship, metro area status, and industry. Labels only for industries (1990
Census Industry Classi cation Codes) that changed their ranking position (up and down) by 25. Red lines represent downgrading
and green lines represent upgrading.
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